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Figure 2: The feature fusion attention network (FFA-Net) architecture.
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Figure 2. Overview of the proposed PSD framework. Our model consists of a backbone, a physics-compatible head, 2nd an atmaspheric
light estimation network (A-net). We pre-train the model with synthetic images, then fine-tune the model wifit botli synrhetic waiciical hazy
images, guided by a proxy loss committee derived from several physical priors.
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Joint Contrast Enhancement and Exposure Fusion for Real-World Image Dehazing | IEEE
Journals & Magazine | IEEE Xplore
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RefineDNet: A Weakly Supervised Refinement Framework for Single Image Dehazing | IEEE
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Fig. 2. Overview of RefineDNet. Ry and R represent the two refiner networks. D refers to the discriminator. [,.,; and J.., are the unpaired input
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YIgxdE:
RESIDE-unpaired #4753, St MR DCP, A/FH A GAN #TIEM (B SLEM 4 A
#3,

FERF B _E TR


https://ieeexplore.ieee.org/document/9366772
https://ieeexplore.ieee.org/document/9366772
https://github.com/xiaofeng94/RefineDNet-for-dehazing
https://github.com/xiaofeng94/RefineDNet-for-dehazing

Problems

A W IR IR

IRFZ D GA B R iR IR
&, REAYEDZ

IR GA B R iR IR
&, REAVEDZ

A7 S 1 o D R A S

A7 S 1 o D R A S

RESERLI AL, H
W] R PRI

REGERLI A, H
W] R PRI

BARE TR, EEIE GAN XHE BA L XA IE S5 B8 71 S B0 —A> 2B B0 R PRI



SSIF_CEEF

w4

Real-world image dehazing with improved joint enhancement

and exposure fusion
.

Real-world image dehazing with improved joint enhancement and exposure fusion - ScienceDirect
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Real-time image and video dehazing based on multiscale

guided filtering
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filtering, MTAP2022 (github.com)
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2209.11448v1 .pdf (arxiv.org)
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IDKiro/gUNet: Rethinking Performance Gains in Image Dehazing Networks (github.com)
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Figure 2. Our proposed gUNet is a simple U-Net variant. Compared to the conventional U-Net architecture, gUNet uses gConv blocks and
SK fusion layers to replace the original convolutional blocks and concatenation fusion layers.
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[2204.03883] Vision Transformers for Single Image Dehazing (arxiv.org)
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RIDCP: Revitalizing Real Image Dehazing via High-Quality Codebook Priors (thecvf.com)
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